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What the Research Tells Us

Frailty as an abnormal health state
(Loss of physiological reserve)

Proposing actions that will slow down or prevent
emergencies, or slow down the decline in functions that Intervention
are increasingrisk of accident or ill-health

Using algorithms, machine learning and artificial
intelligence to provide early warnings of potential Predicting
emergencies and decline | change

Managing conditions and risks by
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applying simple exception rules to Identifying
provide alert messages trends

' Measuring relevant parameters to build :“
up an individual profile for activities and
living conditions Monitoring

Detecting defined emergencies
such as environmental or social
issues, and providingalarms Detection
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Collaboration between Care Link and Independent Living
services

50 residents across 3 Independent Living schemes
Weekly support sessions including weigh-in and grip
strength

On site support from Scheme Manager




“ARMED in a Box” — Easy As 1-2-3

UUUUUUUUUUUUUUUUUUUUUUUUUUUUUUUUUU

Service Users  Is Active
No Reset
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STEP 1

« ARMED in a Box came fully prepared, devices paired and ready
to go onto the residents wrist

« This immediately started passively collecting data

« Staff fully trained in terms of deployment and data analysis /
understanding

. STEP 2
(- - The ARMED team supported system setup and configuration

« The system was configured by the time the hardware was
configured / delivered

« Additional peripherals such as Bio-Impedance scales and
strength grip measurements were also used
» Risk “Flags” started raising to WDH staff

STEP 3

1= - The ARMED reporting dashboards provided a wealth of data
supporting that WDH staff access:

. - Identify the day to day escalating risks of individuals

- ST  Identify the risk trends of a person over a rolling two week

: basis

s
556688588858 ¢

 ldentify if a person is over or under exerting themselves

0 100.3 mal Range
7 323 ed
. . . . .

| - % Ot important during isolation periods
1 5919 9903 167.3

15462 12426 80.4% Normal Range

635 21641 783% Normal Range g
ADVANCED RISK MODELLING FOR EARLY DETECTION



Patient 10 — Activity Profile

ADVANCED RISK MODELLING FOR EARLY DETECTION

Point of interest

Inactivity (Hours) Resting = Sitting

Person 10 # left side hip and passed away.
Data indicated that they sat for up to 16 hours
and slept restfully for 3 hours per night

Total Sleep (Hours) = RestfulSleep Restless Sleep

B When Person 10 Fell!

10.00
8.00
6.00
4.00
2.00
0.00

When the ARMED flag
would have been
raised. 32 days in

Patient 10 — Activity Instability advance of when
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Patient 10 Activity Instability person fell
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: Patient Stable Transition Patient Unstable
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ARMED therefore
identifying decline
through the risk
transition / instability
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Case study

Risk Score Trend
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Increase in steps
over duration of
pilot
Consistently
losing weight
Maintained
muscle mass

Fat pct has been
high but has
reduced

Grip strength has
shown an
Increase

Overall wellbeing
improved and no
panic attacks



Falls Information wdh

Control Group of residents

53 falls

ARMED customers

1 fall*

* 90 yr old Customer fell off kitchen worktop trying to paint his celiing



High Level Dashboard Reporting

@ 18 June 2020

Client Activity Overview

ARMEDB

Activity Score \

Steps

] Step Goal | l Step Goal %

Sleep Hours

Hours lnactlvo}

1388 5129

6.8 2

Activity Score Explanation: High risk, Increase Activity

Latest Prediction Date:
16/06/2020

Name:
Brian Brown

Risk Trend:
Increasing
Exertion Level:
Under Exerted
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History of Activity Score

Avg Actlvlty per Hour by lntenslty
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Medical Device Conformity (MDD) = ¢5
Standard

« Are the solutions you are purchasing future proofed?

HOME CARE

CORONAVIRUS ~ PEOPLE  INNOVATION  BUSINESS ~ COMPLIANCE  INTELLIGENCE  LIC
INSIGHT

B Wearable technology that predicts
health risks at home certified as
medical device

UNCATEGORIZED SARAH CLARKE JUNE 16, 2020

f FACEBOOK ¥ TWITTER in LINKEDIN

. ARMEQ Interface |

e Core plans FOREWARNED IS

* Call FOREARMED
monitoring

* Compliences

* Invoices

* Payroll

* Family
Portal

d

* Rostering

care management
inspiringcareexcellence

ARMED in a time of Coronavirus

The current coronavirus crisis has rapidly changed the way the
majority of us live and work, No Mare S0 than in the health and
social care sector. Shielding and social distancing is throwing up
huge challenges in an industry where human interaction s key.
As a result of this pandemic, solutions are having to be conceived

and implemented quickly and the role technology can play in this
has really come into its own.

« Do they have an open architecture to allow data flow in and out?
» Are they making some form of diagnosis, monitoring or prediction?
» If so, are they medically validated under MDD?
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